Executive Summary

The use of individuals’ credit histoties to predict the tisk of future loss has become a
common practice among automobile and homeowners insurers. The practice has proven to
be controversial not only because of concetns about how reliably credit scores may predict
tisk. Many industry professionals, policymakers, and consumet groups have expressed
concern that the practice may pose a significant bartier to economically vulnerable segments
of the population in obtaining affordable automobile and homeowners coverage.

This study finds evidence that justifies such concetns.
Four questions are addressed in the study:

1. Is thete a correlation between place of residence and insurance-based credit scores (called
~ “credit scotes” or “scores” throughout the remainder of this report)? Specifically, do
residents of areas with high minority concentrations have worse average scores?

2. Do residents of poorer communities have worse average scores?

3. If credit scoring has a disproportionate impact on residents of communities with high
minority concentrations, what other socioeconomic factors might account for this fact?

4. Do minotities and poorer individuals tend to have worse scotes than others, irrespective
of place of residence?

For this report, the categoty ‘minotity’ includes all Missourians who identified
themselves as African-Ametican or Hispanic in the 2000 census. A separate analysis of
African-Americans resulted in no substantive difference from the results presented here.

Data

) Credit score data was solicited from the 20 largest automobile and homeowners
writers in Missouri for the period 1999-2001. Of these, 12-—individually or combined with
sister companies—had used 2 single credit scoring product for a sufficient petiod of time to
* generate a credible sample. In some instances, 2 single company is displayed as two separate
“companies” representing separate analyses of automobile and homeownets coverage. In
other instances, sister companies were combined to yield 2 mote statistically credible sample.
The net result of these combinations is the 12 “companies” presented in the report.




Companies That Submitted Data for this Report
NAIC
Code Name
16322 Progressive Halcyon Insutrance Co.
17230 Allstate Property & Casualty Insurance Co.
19240 . Allstate Indemnity Co.

21628 Farmers Insurance Co., Inc.

21660 Fire Insurance Exchange

21687 Mid-Century Insurance Co.

22063 Government Employees Insurance Co.
25143 State Farm Fire And Casualty Co.

25178 State Farm Mutual Automobile Insutance Co.
27235 Auto Club Family Insurance Co.

35582 Govetnment General Insutance Co.

42994 Progressive Classic Insurance Co.

Additional information about how the Missouri’s largest insurers use credit scores
can be found at the MDI web site, www.insurance.mo.gov.

The companies provided average credit scores by ZIP Code, as well as the
distribution of exposures (automobiles and homes) across five credit score intervals
representing equal numeric ranges. Both the average score and the percent of exposures in
the worst three intervals are used to assess to the degree to which race and ethnicity and
socioeconomic status are correlated with credit scores.

Because of the nature of the data, results are presented from two categotically
- distinct levels of analysis:

1. Aggregate level—Inferences about residents in areas with high minority concentrations
or areas with Jower incomes. This level of analysis does not purport to make inferences
about minority or lower-income individuals per se.

2. Individual level—Assessments of the likely impact of credit scores on minority individuals,
without reference to place of residence. These results make use of statistical models that are
widely employed in the social sciences, but findings ate somewhat more speculative than are
the aggregate level results. ' '




Findings .

1. On average, residents of areas with high minority concentrations tend to have
significantly wotse credit scores than individuals who teside elsewhere.

2. On average, residents of poor communities tend to have significantly worse credit
scores than those who reside elsewhere.

Given the vatiation in credit scoring methodologies, raw credit scores possess no
intrinsic meaning, and compating raw scotes across companics is of limited value.
Normalized or “standardized” results afford more meaningful comparisons. Averaged across
all companies, the spread in standardized scotes between “no minority” and “all minority™
ZIP Codes was 38.9 petcentiles—a very considerable gap.® For more than half of the
companies, the average scores of individuals residing in minority ZIP Codes fell into the
bottom one-tenth of scotes (that is, at or lower than the 10™ percentile). The average score
of individuals residing in non-minority ZIP Codes fell into the upper one-half of scores for
every company.

The last three columns of the table display petcentile differences by income group.
On average, ZIP Codes with a per capita income of $25,924 (the top 5 percent of ZIP Codes)
had scotes that were 12.8 percentiles higher than ZIP Codes with a per eapita income of
$10,953 (the bottom 5 percent of ZIP Codes).

2 The statistical models incorporate data from all ZIP Codes to determine the overall relationship between
minority concentration and credit scores. FEstimates derived from the models are presented here at the
extremes of 0 percent and 100 percent minority concentration for expository reasons (the meaning of values at
the extremes is usually more intuitive). For example, if the regression model indicated that every percentage
point increase in minority concentration is associated with 2 decrease in credit scores of 1.68 points, the impact
of increasing minority concentration to 100 percent would be a decline of 168 points. In reality, there are no
ZIP Codes whose residents are all minorities, though several ZIP Codes have more than 95 percent minority
concentration.

3 Percentile differences are based on normalized scores ranging from 0 to 100, and represent the rank of a score
relative to all other scores in the sample. Such percentiles are exactly analogous to those used for reporting
standardized test results. For example, a score falling in the 75% percentile means the scote is among the top
one-fourth of scotes. The numbers reported in the table below represent the percentile difference between
high and low minority ZIPs. For example, if the average score of high minotity ZIP Codes was at the 20%
percentile, and those for low minorities at the 80" percentile, the difference is 60 percentiles.




Standardized Credit Scores (Percentiles) by Minority Concentration and Per Capita
Income in ZIP Code .
Results of Weighted OLS Regression of Average Credit Score
Scotes Coded So that a Lower Score is Worse

Average Score Percentile Average Score Percentile
by Minority Concentration - by Per Capita Income

: {on a scale of 100) : (on a scale of 100)
Company" 100% 0% Percentile $10,953 $25924 Difference

Minority  Minority  Difference, (Poorest (Wealthiest

' 5%ofZIP 5% ofZIP

Codes) Codes)
A 24.2 54.0 29.8 35.9 51.6 15.7
B 2.1 59.5 57.4 37.8 52.4 14.6
Y 5.8 59.1 53.4 30.5 52.4 21.9
D 119 56.4 44.5 44.4 ' 52.8 8.4
E 12.3 57.9 456 46.8 54.8 8.0
F 30.5 59.5 29.0 46.0 57.9 11.9
G 29.1 59.1 30.0 429 56.8 13.9
H* 22.4 56.0 33.6 45.2 52.8 76
* 33.0 50.8 17.8 41.3 48.0 6.7
J _ 14.2 59.9 45.6 40.5 55.2 147
K 25.1 55.6 304 44.0 53.6 9.6
L : 9.7 59.5 498 34.8 "~ B52 20.3

Average

{(Unweighted) 18.4 57.3 38.9 409 53.6 12.8

*These two companies were unable to provide MDI with raw credit scores. Data thas consists of scores that have been Jurthered
miodsfied based on mon-credit related information prior o being wsed or rating [/ underpriting,

In addition to average credit scores by Z1P Code, the numbert of exposu.te55 in five
equal credit score intervals was also collected; each interval represents the range of scores
divided by five.! The proportion of exposures in the worst three intetvals was used, as a
parallel measure to average scotes, fO assess the association between race and income and
credit scores. On average, a 26.2 percentage point difference existed in the proportion of
exposutes in the worst credit scotre group between “all minotity” and non-minority ZIP
Codes. The cotresponding gap between the wealthiest and poorest income groups was 7.4
percentage points.

Estimates for additional levels of minority concentration and per ¢apita income are
displayed in the following fout tables. '

4 This report represents an analysis of credit scoring in general, and not the compliance of a specific comnpany
with any laws, nor the degtree to which a company deviated from the norm. Thus, no individual companies are
identified when displaying results. ‘

5 One “exposure” is equal to one year of coverage for one automobile or home. -

interval represents an equal number of

6 For clarification, credit scote intervals are not quintiles where each
exposures. Rather, each interval is an equal numetic range in credit scores, and exposures are not distributed
equally between intervals. :




Petcent of Exposures in Worst 3 Credit Score Intervals
by % Minority and Per Capita Income in a ZIP Code
Results of Weighted OLS Regression

Scotes in Worst Group by Percent

Scores in Worst Group by Per Capita

Minority Income
Company 0% 100% Difference $10,953 - $25,924  Difference
' Minority  Minority (Poorest (Wealthiest
5% of ZIP 5% of ZIP
- Codes) Codes)
A 41.4% 64.8% 23.4%) 52.4% 44.4% 8.0%
B 8.9% 53.7% 44.9% 19.4% 12.5% 6.9%
C 20.5% 61.7% 41.2% 35.8% 25.1% 10.7%
D 26.7% 57.2% 30.6% 34.4% - 282% 6.2%
E 33.7% 73.2% 39.5% 42.6% 35.9% 6.7%
F 38.9% 62.3% 23.5% 50.9% 39.5% 11.3%
G 14.5% 31.9% 17.4% 22.9% 16.2% 6.7%
H 21.7% 37.1% 15.5% 26.7% 22.9% 3.8%
I 68.3% 797%  11.4% 75.0% - 68.0% 7.0%
I 12.1% 30.4% 18.3% 19.0% 13.8% 5.2%
K 13.2% 28.4% 15.2%| 18.6% 14.2% 4.4%
L 21.8% 55.5% 33.7%| 35.9% 24.1% 11.8%
Average :
(Unweighted) 26.8% 53.0% - 26.2% 36.1% -28.7% 7.4%

Standardized Credit Scores (Percentiles) by % Minority in a ZIP Code

Results of Weighted OLS Regression of Average Credit Score
Scores Coded So that a Lower Score is Worse

Company 0%

25%

50%

75%

90%

100%

Minerity Minority Minority Minority Minority Minority

A 54.0 46.0 38.2 30.9 26.8 24.2
B 59.5 371 184 72 3.6 2.1
C 592 413 242 131 8.2 58
D 56.4 42.9 30.5 20.1 14.9 11.9
E 579 444 31.6 20.6 15.2 12.3
B 59.5 48.0 44.8 37.5 33.0 30.5
G 59.1 48.4 43.6 36,3 31.9 29.1
H 56.0 46.8 37.8 29.8 25.1 22.4
I 50.8 46.0 41.7 371 345 . 330
] 59.9 46.8 34.1 23.0 17.4 142
K 55.6 47.6 39.4 31.9 27.8 25.1
L 59.5 44.0 29.8 17.9 12.5 9.7
Average 573 44.9 34.5 25.4 20.9 18.4




Percent of Exposutes in Worst 3 Credit Score Intervals

by % Minority in a ZIP Code
Results of Weighted OLS Regression

Company 0% 25% 50% 75% 90% 95%  100%

Minority Minority Minotity Minotity Minority Minority Minotity
A 41.4 47.2 53.1 58.9 62.4 63.6 64.8
B 8.9 20.1 31.3 42.5 49.2 51.5 53.7
C 20.5 30.8 41.1 51.4 57.6 59.6 61.7
D 267 343 42.0 496 542 55.7 57.2
E 33.7 43.6 53.5 63.3 69.2 71.2 73.2
F 38.9 447 50.6 56.5 60.0 61.2 62.3
G 145 18.9 232 276 302 310 31.9
H 21.7 25.5 29.4 33.3 35.6 36.4 37.1
I 68.3 71.2 74.0 76.9 78.6 79.2 79.7
J 121 16.7 21.2 25.8 28.5 29.5 30.4
K 13.2 17.0 20.8 24.6 26.9 27.6 28.4
L 21.8 30.2 38.6 47.1 52.1 53.8 55.5
Average 26.8 33.4 39.9 46.4 50.4 51.7 53.0

Standardized Credit Scores (Percentﬂes) by Per Capita Income in ZIP Code
Results of Weighted OLS Regression of Average Credit Score
Scores Coded So that a Lower Score is Worse

Company Bottom Quartile 1 Quartile 2 Quartile 3  Top 1%
1% ($13,335) ($15,326) ($18,092) ($50,536)
($8,642) -
A 334 38.2 40.5 433 - 76.1
B 35.9 40.1 42.1 44.8 74.5
C 274 33.7 36.7 40.5 84.1
D 43.3 45.6 472 48.4 65.9
E 45.2 48.0 49.2 50.4 67.7
E 44.0 48.0 49.6 51.6 75.5
G 409 45.2 46.8 49.6 76.7
H 44.0 46.4 47.6 48.8 64.4
I 40.1 42,5 43.3 44.4 59.1
J 38.2 42.9 44.8 47.6 77.0
K 42.5 45.6 46.8 48.4 68.4
L 31.9 37.8 40.5 48.8 83.7
Average :
(Unweighted) 38.9 42.8 44.6 47.2 72.8
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Percent of Exposures in Worst Three Credit Score Intervals
by Per Capita Income a ZIP Code
Results of Weighted OLS Regression
Company Bottom 1% Quartile 1 Quartile 2 Quartile3  Top 1%
($8,642)  (13,335)  (15,326)  (18,092) (50,536)

A 53.6 51.1 50.1 48.6 31.6
B 20.5 18.3 174 16.1 1.4
C 37.4 34.1 326 30.7 7.9
D 35.3 33.4 32.6 31.4 18.3
E 43.6 41.5 40,6 39.4 25.1
F 52.6 49.1 47.6 45.5 21.3
G 23.9 21.8 20.9 19.7 5.4
H 273 26.1 25.6 24.8 16.7
I 76.1 73.9 73.0 71.7 56.8
J 19.8 18.2 17.5 16.5 5.5
K 19.3 17.9 17.3 16.5 7.2
L 37.7 34.0 32.4 30.2 5.1
Average

(Unweighted) 37.3 34.9 34.0 32.6 16.9

3. Credit scores are significantly cotrelated with minority concentration in a ZIP
Code, even after controlling for income, educational attainment, marital status,
utban residence, the unemployment rate and other socioeconomic factors.

Statistical models were wused to control for—i.e., remove—the impact of
socioeconomic factors that might account for the correlation between race/ethnicity and
credit scotes. The inclusion of such controls slightly weakened, but by no means eliminated
(ot accounted for) the association between minority status and credit scores. Among all
such control variables, race/ethnicity proved to be the most robust single predictor of credit
scotes; in most instances it had a significantly greater impact than education, marital status,
income and housing values. It was also the only variable for which a consistent correlation
was found across all companies.

Other variables found to be significantly correlated with ctedit scores across the
majotity of companies wete educational attainment, age, matital status, and urban residence.

Why scores should be correlated with minotity status, even after conttolling for such
broad measures of socioeconomic status, is not immediately clear. Such a result indicates
that the variable “minority concentration” contains unique characteristics not contained in
the “control” variables. Fot example, credit scotes may reflect factors uniquely associated
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with racial status (such as limited access to credit, for example). The results clearly call for
further study.

4. The minority status and income levels of individuals ate correlated with credit
scores, regardless of place of residence.

Three different stadstical models wete used to assess differences in scores between
minotity and low-income individuals, as opposed to residents of high minority or low-
income areas (not all of whom, of coutse, ate minotities or poor). Based on the most
credible of the three models, African-American and Hispanic insureds had scores in
the worst credit score group at a rate of about 30 percentage points higher than did
other individuals (for example, where 30 percent of one group may have poor scores,
compared to 60 percent of another group). A gap of 30 percentage points also existed
between individuals earning below and above the median family income for
Missouri. Actoss companies, the gap for minotity status ranged from 14 percent to 43
percent; and for income the gap ranged from 17 to 46 percent.

Difference in % of individuals in the worst 3 (of 5) credit score intervals
Estimates of Gary King’s FEcological Inference (EI) Model”

Company Minority Status| Encomgl

(% of minorities (% of lower-income

with low scores individuals with
minus % of non- low scores minus
minorities with low % of higher-

- scores) income individuals
with low scores)

A 19.1% 27.7%
B 39.5% 16.8%
C 42.1% 46.1%
D 30.6% 22.5%
E 47.9% 28.5%
F 25.8% 35.6%
G 14.5% 21.0%
H 29.1% 32.8%
] 15.0% ' 26.7%
K 15.3% 26.4%
L 38.5% 37.2%
Unweighted 28.9% : 29.2% -
Average

7 'The EI model is one of three employed in this report to make individual-level inferences. The other two are
Goodman’s Regression and the “Neighborhood” model, each of which is explained in the body of the report.
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While considerable variation exists among the three models with respect to the
magnitude of estimates, all three consistently estimated a disproportionate impact based on
the minofity status of individuals and an individual’s family income.

Because the data is composed of ZIP Code level aggregates, inferences about
individual-level characteristics ate somewhat more speculative than are inferences about the
demographic characteristics- of place of residence. Individual-level estimates in this report
tesult from three of the most widely-used statistical models for such purposes. While the model

results are not “proof” of an individual-level disproportionate impact, the evidence appears to be
Jubstantial, credible and compelling,
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No. 791. Flow of Funds Accounts—Assets of Housecholds: 1980 to 1999
[As of December 31 (6,563 ropresents $8,563,000,000,000). Includes nonprofit organizations]

. Total Percent
Type of instrument {bil. dal.) distribution
1980 1985 1990 1985 1997 1998 1999 1980 199D 1998
Total financial assets ... .... 6,563 10,100 14,9683 21834 27,623 30,583 34,948: 100.0- 100.0 1000
Deposits. .. ..........n. Loees| 1817 2484 3285 3366 3807 4,165 4,328] 231 218 124
Foreign deposits, . e - 3 13 23 42 42 45 - 0.1 0.1
Checkable deposits and curvency . .j 251 342 409 505 445 461 ~ 442: 38 27 1.3
Time and savings deposits . . ., , . . 1,203 1,941 2477 2388 2725 2924 30137 183 166 86
Money market fund shares. . ... .. 62 183 365 448 585 738 B3B 039 2.4 24
Cradit market instruments . . . 425 849 1,503 41,885 1,873 1,781 1,960 65 100 58 -
Cpen-market paper. . . . 33 35 63 48 58 63 59 0.6 0.4 0.2
LLS. Govarnment cecurities . 186 270 529 B22 721 562 859 243 3.3 1.9
Treasury Issues, . ... ........ 180 251 4862 700 511 391 U7 24 3.1 1.0
Savingsbonds. . ....,..... 73 80 126 185 187 187 156 14 0.8 0.5
Other Treasury . ......... 88 171 335 515 325 204 160 1.3 2.2 0.5
BACY I8SUBS » - v v v vnen oo 5 19 67 122 209 162 2 0.1 04 0.9
Municipal securities. ... ........ 104 346 574 458 464 475 528 1.6 3.8 1.5
Gorporaie and forelgn bords. . . ., . 30 Tr 142 448 821 581 596 0.5 1.3 1.7
Mortgages. . . FTLLLERREEE RS 87 120 144 108 108 108 110 1.3 1.0 0.3
Corporaleequities . ... ......... B75 1,058 1807 4,122 5690 6339 B8009| 133 1214 228
Mutual fund shares. . ... .. ....... 45 188 468 1,280 2057 2501 3,104 0.7 3.1 3.8
Sevurityeredit, . ... o0 16 35 62 128 215 27 319 0.2 0.4 0.9
Life insurance reserves,, . . ... v ... 221 264 382 666 685 718 772 34 2.6 2.2
Pension fund reserves 2 . . ... ..... 971 2,087 3462 5768 7894 0079 10,360, 148 231 29.6
Investment in bank personal frusts . .. 285 384 552 803 943 1,001 11T 4.0 37 3.2
Equity in noncorporate business . . . .. 2,154 2607 3,230 3640 4,172 4,395 4630F 328 216 13.2
Miscellanecus assels . ........... 74 133 224 292 312 327 339 1.1 15 1.0

- Represents zero, ! Cnly those directly held and those in gosed-and funds. Other equitles are included in mutual funds,
life insurance and pension reserves, and bank personal trusts, See also Table 846.

Source: Board of Governors of the Federal Reserve System, "Federal Reserve Stalistical Release, Z1, Flow of Funds
Accounts of the United States"; published: 10 March 2000; <htip:/www.bog frh fed usfreleases/Z1/2000031 0/data him>.

No. 792. Financial Assets Held by Families by Type of Asset: 1992 to 1998

[Median value in thousands of constant 1988 dollars {13.1 represents $13,100), Constant dellar figures are based on
consumer price index data published by U.S. Bursau of Labor Statistics, Families include one-parson units; for definition of family,
ses text, Section 14, Populstion, Based on Survey of Consumer Finance; see Appendix {Il. For definilion of median, see Guide o
Tabular Presentation] .

mowowl hetoevooo

ool cwbwonibe

" Ay Trans- Certifi- Life Gther
ﬁg ?:rﬁi;“ilr‘;cgﬁg financia| sction cales of Savings Motua Refrement  Insurs  man:
assel ' accounts© depost  bonds Stocks® funds® accounts®  ance”  aged
PERCENT OF FAMILIES
OWNING ASSET
1992, total ... ......... 90.2 H6.9 16.7 223 17.0 104 306 349 4
Jotal L. 91.0 B7.0 14.3 228 15.2 12.3 4532 320 3
1998, 10081 .+ . v . euv v 92.9 915 15.3 18.3 18.2 16.5 48.8 20,6 5
Under 35yearsold .. ....... 88.6 84,5 6.2 17.2 13.1 12.2 39.8 16.0 1
3Hfoddyearsold, ., ....... . 8333 ap.5 9.4 24.8 16.9 16.0 58.5 208.0 3.
45 Sdyearsold. .. ... ... 249 93.5 1.8 21.8 228 23,0 58.2 328 B
SgtoGdyearsold, ... ...... 95,8 93.9 18.6 18.1 25.0 15.2 58.3 35.8 B
E5to74 yearsald. . ... . as6 4.1 200 18.1 .0 18.0 46.1 201 19
Toyearsoldand over ., ..... 921 8o.7 3649 12.0 18.0 154 16.7 32.6 1"
Less than $10,000, . ........ 70.6 61.9 1.7 35 3.8 1.9 6.4 16.7 25
PI0000 0 524,089, ..., ... 80.9 86,5 16.8 102 7.2 76 254 209
2500010 349,989 . .. ... ... ar3 858 15.9 20.4 17.7 14.0 54.2 28.1 3
550,000t0 $99,099. ... ..... 808 823 164 30.6 217 258 735 39.8 8
00000 andmora. ., .. ... 100.0 1060.0 16.8 323 56.8 448 B8.6 50.1 15,
MEDIAN VALUE 8
1992, total .. ... ..., j3.1 28 12,8 0.7 8.1 18.3 16,0 - 35 22,
1885, total ... .. ... ... 16.5 23 106 14 8.6 21.2 18.1 53 3
1988, total ............. 224 31 15.0 10 7.5 25.0 24.0 7.3 ok |
Under35yearsold .. ... .... 4.5 18 25 0.5 . 5.0 7.0 70 2.7 19
5foddyemrsold. .. ... ..., 229 28 8.0 0.7 12,3 14.0 21.0 B:5 25
45054 vyearsoid. .. ....... 37.8 4.5 1.5 1.0 24.0 300 34.0 0.6 39,
Shtofdyearsold.......... 45.6 41 170 1.5 21.0 580 45.8 8.5 &5
6hto 74 vemrsald.......... 45.8 5.6 20.0 24 50.0 60.0 381 8.5 4%
Toyearsold andover .. ... .. 366 6.1 300 5.0 50.0 50.0 300 5.0 30.
Less than $10,600. . . ....... 1.1 0.5 7.0 1.8 140 6.0 7.5 3.0 SE
$10,00010 $24,992......... 4.8 1.3 200 1.0 10.0 260 8.0 50 3
525,000 10 $49,992 ., . ... .. . 17.6 25 14, 0.6 a0 11.0 13.0 5.0 15.
£50,000 t0 95,999 . . .. .. ... 57.2 8.0 13.3 1.0 18.0 25.0 31.0 9.5 32.0
$100,000 and more, . ... ..., 244.3 196 220 1.5 56.0 85,0 93.0 18,0 100.0

B Base figure too small. ! Includes olher of financial #ssets, not shown separatel% z Chatking, savings, and money
market dg{)osnt accounts, money market mutual funds, and call ascounts at brokerages. G‘?vers cnly those stocks that are
directly held by families outside mutual funds, retirament agcouints and other managed assets. Excludes monay market muduat
funds ‘and funids held through relirement agcounts or other managed assels. . ° Covers IRAs, Keogh aceounts, and ceriain
employer-spongorad acogunls. Cash value, Includes personal annuities and trusts with an equily Interest and managed
investmeant accounts. Median value of financial asset for families holding such assets,

. Source: Board of Governors of the Federal Reserve Systern, Fedoral Reserve Bullsfin, January 2000, and unpublished
revisions.
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No. 793, Flow of Funds Accounts—Liabilities of Households: 1980 to 1999
[As of December 31 (1,426 represents $1,426,000,000,600}. Includes nonprofit erganizations]

Total Parcent

Type of instrument (bi[. dal.) distribution
. 1980 1085 198D 1985 997 1998 1909} 41980 1990 1999
Total liabilites. .. .......... 1,426 2,326 3,670 4,982 5708 6,206 6,841| 100.0 1000 1000
Credlt market instruments , ., .. .. .. 1374 2236 3,554 4,783 5438 5910 6467| 964 968 845
Home morgager . .. .. oo oon oo po5 1,408 2461 3252 3,609 4,068 4,480| 635 663D €E.8
© Consumercredit.............. 56 B804 805 1,123 1,264 1332 1420 248 213 2048
Municipal securilies. . ... ... .. .. 17 81 a7 98 15 127 137 1.2 24 24
Bank loans, ne.c. . .. 28 31 18 57 87 73 65| 20 05 1.0
Otherloans . . ... c..oovvr v 55 79 101 160 8 206 219 3.8 27 32
Commerdial mortgages . ..., -, .. 15 a3 g3 92 104 M7 137 1.0 2.2 20
Sevurly Crectll . L. n e 25 57 39 T8 131 153 222 1.f 1.1 3.3
Tradenpa ables ... ... FRREE 14 24 89 103 120 126 133 1.0 18 1.9
Unpaid iife insurance premiums < . . .. 13 15 16 18 19 7 19 0.9 0.4 0.3

" Not elsewhere classified. 2 Includes deferred premiums.
Source; Board of Governors of the Faderal Reserve Sﬁstern. “Faderal Ressrve Stafisticel Release, Z.1. Flow of Funtis
Accounis of the Unifed Stafes™ published: 10 March 2000; <httpiiwwebog frb fed. usfreleases/Z1/20000310/data.him>.

No. 794. Financial Debt Held by Families by Type of Debt: 1292 to 1998
[Median debt in thousands of constant 1996 dolfars {19.9 represents $19,900). See headnots, Table 792]

: Hotme- Other
Age ot fomily heed satured Other lnes  Credit carg  residential Other
Any dabt debt!  Instaliment of credit  balances property dabt
PERCENT OF FAMILIES
HOLDING DEBTS
1992, tofal ... ...t 3.2 381 46.0 23 43.7 57 8.4
1995, 60t . ... ..ol 74.5 41.0 45.9 1.8 47.3 4.7 8.5
1988, total . .. .. h o a 4.4 431 43.7 2.3 44.1 5.1 B8
Under 35 ysarsold . ........ 812 3.2 60.0 2.4 80,7 .20 2.5
Brwoddyeasold.......... B7.6 58.7 53.3 36 51.3 67 1.4
45054 yoarsold.. ... ... 87.0 58.8 51.2 3.8 52.6 6.7 1.4
55to64 yearsold.. ... ..... T6.4 49.4 7.9 1.6 45.7 7.8 8.3
B5to7d yearsold.......... 514 26.0 20.2 (=) 28.2 5.1 4.1
Tsyearsoldandover ... ... 246 15 4.2 B 1.2 18 2.0
Less than $10,000. . . "7 33 5.7 SB% 20.6 sB) 356
$10,000 to $24,698 , ga.7 M3 34.4 . 37.8 k3 7.0 -
$25,000 to $49,899 , 766 43.7 50.0 29 43.9 4.1 7.7
$50,000 to $39,998 . . .. . ED.4 71.0 550 33 58.7 7T 12.2
$100,000 and more. . .. .. .. 87.8 734 432 28 0.4 16.4 14.8
MEDIAN DEBT 4
1992, fotal .. ...... ... .. 19.9 50.2 53 23 1.1 2856 29
1995, fotal .. ...l 23.4 54.9 6.4 37 18 L 21
1998, total .. ........... 333 62.0 a.7 25 17 40.0 3.0
Under 3 yesmmold .. ... .... 10.2 71.0 6.1 1.0 1.5 66.0 1.7
351o44vearsod.......... 55.7 70.0 77 14 2.0 40.0 3.0
450 5dyearsold, . ..., ..., 48.4 66.8 10.0 3.0 1.8 40.0 5.0
551064 yearsold, ......... 4.5 49.4 8.3 49 24 41.0 5.0
gsfo7dyearsold.......... 118 20.0 6.5 {B; 1.1 56.0 45
Tsyoasoldandover .. ..... 8.0 212 89 B 0.7 208 1.7
Less than $1000C. ... ... ... 4.1 18.0 4.0 QB‘I 1.1 SB& o153
$10,000 1o $24,999 . v 8.0 4.2 6.0 . 1.0 34, 13
$25,000 1o $49,999, R 27.1 47.0 8.0 3.0 1.8 20,0 22
$50,000 10 $98,899 . . ..., ... 75.0 75.0 1.3 28 24 42.0 is
$100,000 and more . . .. ..., - 136.4 123.8 15.4 50 32 60.0 10.0

B Base ﬁgura too srall. ! Flrst and second mortgages and home eciuhy loans and lines of cradit secured by the primary
gasidence. Families that hed an outstanding balance on any of their credit cards afier paying their most recent bills.

Includes keans on insurance policies, loans against pension accounts, borrowing on margin accounts and unglassified loans.
4 Madian amount of financial debt for families holding such debis.

No. 795. Percent Distribution of Amount of Debt Held by Families:
1295 and 1998

[Se headnote, Table 796]

Type of lending
Type of debt 1995 1gga| Purpose of dabt 1395 1998 nstitution 1995 1998
Totab, .o vvvnven- 1000 1000 Total.......... 1000 100.0( Total............ 1000 1000
Home-secured debt, . .| 73.3  71.9|Home purchase. . . .. 704 .1 | Commercial bank . . ... 35.1 325
Instaliment laans. . .. . LK1 128 | Homa improvement - 2.0 2.0|Savings and loan .. ... 10.8 9.6
Credit card balances . , 39 3.8]Investment, excluding Creditunion......... 45 4.2
Other lines of cradit, , . 0.8 0.3 realestate . ...... 1.0 -3.2 | Finance or loan company. az 4.2
Other residertiial Vehicies. ... ...... 75 75 (Brokerage ..., ... ... 1.9 3.7
PIODEMY .. o uv v 7.5 7.4|Goods and services . . 57 6.0 | Real estate ender. . . . . 27 359
Otherdebl. . . ...... 28 3.7 | Investment reat estate. 8.2 7.8 [ Individual lender . . .. .. 50 34
Educalion. . . ...... 2.7 3.4 | Other nonfinancial. . - . . 0.8 1.3
Otherfoans . ...... 24 19! Governmert. . ... .... 1.3 06
Credit and store cards . . 19 3.8
Otherloans . ........ 09 07

Source of Tables 784 and 795: Board of Gavernors of the Federal Resarve System, Federal Reserve Bufietin, January 2000,
ang unpubilshed data.
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No. 796. Ratios of Debt Payments to Family Income: 1992 to 1995
n percent, Constant dollar figures are based on consumer price index date published by U.S. Bureau of Labor Statistics. Fami-

ies include cne-person units; for definltion of family, see text, Section 1, Population

. Based on Survey of

Appendix Ill. For definilion of median, see Guide fo Tabular Presentation]

Consumer Finance; see

Ry g e poymenis pern: o debirs win—

profiihios Ratios ab An 160 oo
ang family income : . above TTen 5

(constant (2908) dnliars) Aggregate Median £0 percent o e past due.
1992 1995 199%8| 1992 1995 1998 1952 1995 1998| 1392 1985 1998
Afifamilies ... ......,. 141 136 145 161 181 176| 108 105 27| GO 7.1 84
Under 35 yearsold .. .. .. .. %5 171 166! 166 1682 174| 1058 1.8 M8 B.3 8.7 1.1
35044 Yearsolg. .. ... ... 17.6 166 170! 190 181 w4| Mme 8.2 15| 58 7.7 8.4
45to 54 yearsold. .. .. ..., 146 1486 163]| 161 168 17.8| 102 104 116 8.4 74 - 74
S5tobdyemrsold......... 1714 15 129] 145 4.0 167 143 H4.5 139 4.7 3.2 7.5
B5tu T4 yearsold. ........ 7.8 B9 85 M85 122 139 7.8 78 175 1.0 53 3.1
75yearsoldandover .. ..., 34 . 2% 39] 506 -34 88 BT 89 209 18 &4 11
Less than $10,000 _. .. 168 135 194| 195 154 20.3| 284 e 3240 1.6 84 1%
$10,000 to $24,999. 148 161 162 153 7.7 17.8| 1686 173 198 83 413 123
$25,000 to 548,999, .| 165 162 174| 183 1686 1841 9.8 80 138 6.3 85 82
55000010 $29,999. .......] 163 1680 174} 170 1689 183 4.4 4.2 5.7 22 27 4.5
$100,000 and more, . ... ... 10.7 B7 00| 137 411 134 2.2 1.7 21 0.5 1.3 1.5

Source: Board of Govemnors of the Federal Rese';ve System, Federal Reserve Bullelin, January 2000, and unpublished data.

No. 797, Household Debt-Service Payments as a Percentage of
Disposable Personal Income: 1980 to 1999

[In percent. As of end of year. Seasonally adjusted. The household debl-service burden Is an sstimate of the ratic of debt
payments lo di?osable personal income. Debt payments consist of the estimatad required payments on outstanding morgage
and consumer dabt] . )

Yaar Total Consumer Mortgage
210 12.41 7.99 4.42
= 12.34 7.82 472
P08 e e e 12.33 747 485
L 12.33 746 488
- e 12.83 7.80 5.03
TOBS . . e 13.74 8.29 5.44
1988 . . e 14.18 8.50 5.69
TOBT .. e e 13.71 7.92 5.78
L 13.34 7.58 5.77
L= - 13.51 7.57 5.94
B0 . . e 13.24 7.1 8.14
00 e e 12.56 6.51 6.05
1902 e 11.70 6.03 587
L 11.59 .13 545
1084 L e 12.01 6.52 5.49
£ L 12.70 7.05 5.85
L 13.09 7.44 5.65
L 1347 7.47 5.70
L 13.20 7.57 5.72
< 13.51 7.58 583

Source: Board of Governors of the Federal Reserve System, "Housshold Debt Service Burden;” pubfished: 24 March 2000;
<htip:ifwww.bog frb.fed. usiraleases/housedebtidefault. htm>.

Na. 798. Banking Offices by Type of Bank: 1980 to 1999

E\s of December 31. Includes Puerto Rico and outlying areas, Covers all FDIC-Insured commercial banks and savings institutions.
ommercial banks Include insured branches of forelgn banks. Data for 1980 inglude automatic teller machines which were
raporied by many banks as branches] :

item 1980 ~ 1985 1990 1994 1995 1996 1997 1998 1998
All banking offices .. ....... {NA) 82,367 84,332 B1,135 81273 B2468 83514 84,332 B5404
Number ofbanks . .......... ... N 18,033 15,102 12641 12002 11,478 10,945 10483 10238
Number of branches . . . .. ......- NA} 64,334 £9,140 68,494 60,271 70,988 72560 73,840 75,168
Commercialbanks ............. 53,172 57,860 62710 65055 65827 66733 68,601 69873 71142
Number of barks, . .. ......... 14,434 14,407 12377 10,489 9972 9553 9165 5794 G598
Mumber of branches .......... 38,730 43,253 650333 54566 65855 57,180 59,526 61,079 62544
Savings Institutions . . .. .. ... .. MNA} 24,707 21,622 16,080 15448 15733 14,823 14,459 14,262
Numberof banks, . .. .. ....... NA} 3626 2815 2,452 2030 1926 1,780 1,688 1.640
Mumber of branohos . .. .. .. ... NA} 21,084 18,807 13,828 13416 13808 13,043 12770 12,622
NA Mot available.

G %ugrcek U.S. Federal Deposit Insurance Corporation, Sfalistics on Banking, annual and The FDIC Quarterly Banking Profife
raph Book. :
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No. 815. Consumer Credit Oul:standirig and Finance Rates: 1980 to 1999

{in billlons of dollars, except percent (348.4 represents $349,400,000,000), Estimated amounts of ssasonally adjusted credit
autstanding as of end of year; finance rates, annual averages]

Type of credit 1880 4385 1990 1983 1994 1995 189 1997 1998 1999
Totab, ..o i e, 3494 5932 783.3 839.2 9607 1.096.0 1,182.4 1,234.1 1,3005 14,3954
Revolving . . Jrrrrrrrie e 551 1247 2386 310.0 3656 4432 4895 5313 5607 6596.0
Nonrevolving .. .............. 2843 4885 5507 520.2 5951 6528 6829 7JO2B 7308 7904
FINANGE RATES
{parcent)
Cammercial banie: .
New auiomobiles (48 months) 2. .. 1432 1281 1178 808 812 957 905 802 872 844
Other consumer goods
(4months) . .............. 1548 15084 1546 1347 1319 1304 1354 1300 1374 1339
Credi-card plans, .. .......... 1731 1869 1817 1683 1604 1590 1563 1577 1671 1521
Finance companies:
New automobiles, ............ 1482 1198 1254 948 973 1119 QB3 742 630 6.66
Ueed autormehiles . . .. .... .., . 190 17.58 1588 1279 1349 1448 1333 1327 1264 12.60

1ICDm rises autorrobile loans and all olher lzans not E{acluded in revolving credil, such as loans for mobile homes, trailers, or
vacations. These fuans may be secured or unsecured. For 1880, maturities were 36 months for new car loans.

Source: Board of Governors of the Federal Reserve Sysiem. Federal Reserve Bulfetin, manfithy.

No. 816. Credit Cards—Holders, Numbers, Spending, and Debt,
1990 and 1998, and Projections, 2000

ll'_l'he complete publication including this copyright table Is avalieble from the U.S. Govemnmsnt Priﬁling Office and the National
echnical Information Service]

No. 817. Usage of General Purpose Credit Cards by Families: 1989 to 1998

[General purpose credit cards include Mastercard, Visa, Oplima, and Dissover cards. Excludes cards used onfy for business
purpeses. All dollar figures are given in constant 1998 dollars based on consumer prive index daia as published bé; U.8. Bureau
of Labor Statislics. Families include one-person urits; for definfion of family. see text, Section 1, Population. Based on Survey of
Consumer Finance; see Appendix (1. For definiion of median, see Guide 1o Tabular Presentation]

Percent of cardholding
. families who-
Median Percent
Age of family head Percent new  havinga Almost
and family income having a charges balance alwaye | Seme- Hardly
general Median onfast  after last pay times pay BvVar pay
purpose number  month’s month's Msdiaq off the off the off the
creditcard  of cards bills bills  balance balance  balance balence
1989, fotal . , . 56.0 2 $100 52.1 $1,300 528 21.2 25.8
1602, total. . 62,4 2 400 52.8 1,108 55.0 19.8 27.4
1905, total. . 66.4 2 200 56.0 1,600 6524 20.1 - 2(5
1988, total . 67.5 2 200 54.7 1,900 638 19.3 26.5
Under 35 years old. .. . . 58.3 2 200 718 1,600 9.0 25 38.5
35to4dyearsald ... .. 7.3 2 200 62.5 2,000 465 19.1 344
46 to B4 yeare od ... .. 752 2 200 59.2 2,000 48.2 22,7 29.4
ShtoBdysarsod ... .. 78.0 2 200 48.8 2,300 61.0 201 18.8
65to T4 yearsold ..... 7.2 2 200 33.9 1,800 74.0 14.9 1.1
75 years old and over, . . 508 1 100 16.7 700 86.3 7.8 59
Less than $10,000 .. ... 23.2. 2 100 64,0 900 46.4 18.8 33.8
$16,0000$24999 . ... 50.8 2 100 56.8 1,200 523 18.3 284
$25,000 o $49.993 . . . . 73.2 2 100 5B.2 1,700 48.3 20.5 N2
$50,000 t0 $93.999 . ... 83.6 2 200 55.9 2,400 53.9 20.2 259
$100,000 and more . . . . 7.9 2 800 36.4 3,100 72.0 13.8 14.1

* Among families having a balance.
Source: Board of Goverriors of the Federal Reserva Systam, unpublished data.
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Buyers with limited credit history may qualify for prime loans
Anthem uses rent, utility and insurance payments to evaluate borrowers

Wednesday, November 08, 2006

Inman News

First American Corp. has compiled a directory of more than 200 loan officers who are using its
Anthem suite of credit reporting applications to help home buyers with limited credit histories qualify
for prime-grade mortgage loans.

First American's Anthem Lender Directory is designed to help real estate agents, community-based
organizations and home buyers find lenders who are using "the latest credit evaluation techniques to
deliver the best possible loans at the best possible prices,” the company said in & press release.

According to First American's credit information subsidiary, First American CREDCO, 20 percent of Amncans are "unscorable
using traditional credit bureau data. But they may qualify for prime-grade loans if an alternative payment history is used in the loan
evaluation process.

Anthem augments traditional credit bureau data with rent, utilities, insurance and other types of payment
histories to produce a more comprehensive view of a borrower's payment behavior, First American said.
On a 30-year, $300,000 loan, a family that qualifies for a 6 percent interest rate will pay $600 less per

‘aonth and save $220,000 over the life of a similar loan with a 8 percent interest rate, the company said. ~ , pccess 30,000

Become a Member
of Inman News

_ . articles
"Often the only barrier keeping that family from the lower rate is a credit score derived from data that does « Special reports
not fully reflect the horrower's wilingness and ability to repay the loan,” said Landon V. Taylor, vice » Reprint rights
president of market development at First American, in a statement. "Lenders who use alternative credit « Audio content
solutions are helping lift this barrier and leveling the playing field for prospective home buyers with = Members discounts
nontraditional banking, credit and spending patterns.”
Sign_up now!

First American rolled out the Anthem direciory at the National Association of Hispanic Real Estate

Professionals convention in Las Vegas, along with new features in the application itself, including Spanish language credit reporting
and disclosures, international credit data reporting, and automated individual tax identification number identification (ITIN)
identification. :

First American says Anthem meets mortgage loan underwriting and due diligence requirements 'of the U.S. Department of Housing
and Urban Development (HUD), the Federal Housing Administration (FHA), Fannie Mae and Freddie Mac. -

The company announced that the Neighborhood Housing Services of America is now using Anthem to help qualify "thin-credit/no-
credit" borrowers for prime-grade mortgages.

Send tips or a Letter to the Editor to matt@inman.com or call (510) 658-9252, ext. 150.

Copyright 2006 Inman News
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How Insurance Credit Scoring Models Really Work

A Review by TexasWatch of Credit Scoring Models Filed in Texas

Insurance companies claim they possess formulas that draw a cause-and-effect link
between credit scores and driving risk or the likelihood that you will file a claim if hail
damages your roof. Now that these formulas are available for public inspection, and a
quick review raises serious questions about how the criteria can be tied to driving risk.
Many criteria are contradictory, others penalize consumers who are simply using—not
abusing—credit, and none are appropriate predictors of driving skill or risk.

The list below offers some examples of real credit scoring criteria used by some
insurance companies to determine policyholder eligibility and rates for home and auto
insurance. Various insurance companies use these criteria in varying weights and levels
of mimportance. '

Sample Credit Scoring Model Key

+ Increases your credit score (favorable)

- Decreases your credit score (unfavorable)

Increasing plus or minus signs indicate increasing magnitude

Average number of months all You will be penalized until the average
accounts on file have been open age of the accounts on your credit
600 or more months ++ | report reaches the arbitrary threshold
400 to 599 months + ~ chosen by your insurer.
200 to 399 months -

0 to 199 months - -

Number of accounts opened in the Newly opened accounts count against

last year your insurance credit score—even if
0 (no accounts opened) ++ your payments ave current. This
l1to2 + | criteria penalizes young credit holders,
3to4 - but also consumers who have recently
5to7 - moved.

8 or more _—




Age of oldest account in months
0 to 24 months

This is a double penalty against new
accounts, but it can also raise rates for

1 month
2 months or more

25 to 72 months — | a homeowner who pays off a 30-year
73 to 192 months - | mortgage and closes his or her oldest
193 to 312 months + | account.
313 to 432 months 4+
433 months or more +
Number of consumer initiated Consumers will take a hit every time
credit inquiries in last 2 years they: get cell phone service, rent an
0 (no inquiries in last 2 years) +++ | apartment, shop for a morigage, take
1 ++ | outacar loan, apply for a credit card,
2 + take out a school loan, open a utility
3 - account, eic.
4 -
5 -
6 or more -—
Number of credit card accounts Each different credit scoring model has
open a “magic number” for how many credit
Otol - cards you should have to lessen your
2 ++ insurance risk. Two to four credit
3 +++ | cards is optimal in most models. If you
4 ++ | have more or less than the arbitrarily
5 - chosen number, your insurance score
6109 - will decrease.
10 or more -
Number of credit card accounts Penalizes people who actually use the
where balance is 75% or greater credit extended to them—even if their
than limit accounts are current or paid off every
0 ++ month.
1to2 -+
3to4 -
5 or more -
- Number of months since last Penalizes consumers who DON'T use
account activity the credit extended to them. If a
0 (activity within last month) + consumer doesn’t make a charge or

make payments, he or she takes a hit on
their auto insurance credit score.




Number of instaliment loan

Installment loans are taken out from a

accounts bank and allow you to take possession
0 + of the property immediately while you
1 - pay back the loan in monthly
2 or more - installments (car loans for example).
Having an open installment loan can
hurt your credit score.
Number of accounts in good Clearly this factor can hurt people who
standing with a balance have not paid their accounts as due, but |
0 - it can also hurt people who choose not
1 + to carry balances on their accounts.
2 or more ++
Number of open retail store or sale Insurance companies prefer bank
finance accounts loans. This criteria penalizes
0 + consumers who open accounts for
1 - Surniture sales, department stores or
2 or more -- other personal finance companies.
Number of open automotive related Penalizes consumers who gain
accounts financing through car dealers, auto
0 + parts stores, tire stores, or other
1 - automotive retailers.
2 or more -
Number of open oil company Penalizes consumers who do not have
accounts a gas company credit card.
0 -
1 +
2 or more +
Number of public records (includes Not paying loans as agreed will hurt
bankruptcies, liens, collections, etc.) your credit score.
0 +
1 -
2 -—
3 or more -—
Longest delinquency on an account Not paying loans as agreed will hurt
No delinquencies + your credit score.

30 to 59 days late
60 to 89 days late
90 days or more




washingtonpost.com: Some Credit Card Issuers Keep Important Data Secret Page 1 of 2

Adveritement

washingtonpost.com

Some Credit Card Issuers Keep Important Data
Secret

By Kenneth R. Hamney

Saturday, October 23, 2004; Page FO1

New research by the Federal Reserve Board should set off alarm bells for
anyone considering applying for a home mortgage: Behind your back, your
credit card company could be hurting your credit standing by withholding key
information from the national credit bureaus.

That could depress your credit scores and raise the interest rate on your home
loan.

Three Federal Reserve staff economists studied a nationally representative,
random sample of 301,000 credit files, and found that nearly half —- 46 percent §
_ of the consumers had files in which at least one credit limit had been
withheld by a creditor.

Why is that significant? Say you finished school a couple of years ago, you ; %‘“f“ﬂ View :
have a good job and you're beginning to establish a solid credit history. You S:gfmﬁ? Homes :

have one credit card with a $2,500 limit on it. You run a modest monthly - e :
balance averaging $250. You have never been late, never missed a payment. from Hw Wm&
You're an excellent customer. VL i

‘But unknown to you, your card issuer has a policy of not reporting fully the oo

details about its customers' accounts. In your online national credit file, your Mitchell & Best
monthly balances and payments are reported accurately. But your credit limit
is left blank. ‘

Why would your card issuer do that? To stymie competitors who routinely
troll through the databases of the credit bureaus for possible customers by
ordering lists of consumers with specific characteristics.

For example, a competing card issuer might look for people who live is a particular Zip code who have
credit scores above a given threshold. The company might also seek consumers with young-looking
“thin files,” with just a few existing credit lines.

Here's the problem: One of the heavily weighted factors in most credit scores, whether the Fair Isaac
Corp. (FICO) score or the credit bureaus' proprietary scores, is "utilization" of existing credit. If you are
making heavy use of the credit accounts you already have, you arc considered a greater risk of future
default. Your scores go down. :

To measure utilization, scoring systems look at the ratio of your highest balance to your credit limit. If
you had a $2,400 high balance against your $2,500 limit, you would have a very high (96 percent)
utilization ratio. The scoring program would penalize you for being nearly maxed out. '

On the other hand, your $250 balance against your $2,500 limit produces a low 10 percent ratio -- and

__ht__tp_:_;_’_,_/_www.washingtonpost.com/ac2/wp-dyan54727—20040ct22‘?1anguage=printer . 10/24/2004 |
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the scoring system should reward you for your prudent use of credit.

Now for the score killer: When a creditor reports no credit limit on an account, calculation of a
utilization ratio is impossible. According to Federal Reserve researchers, when confronted with missing
credit limits, most credit scoring systems "substitute the highest balance for the missing credit limit."

"The typical result," said the Fed, is higher credit utilization ratios "than if the credit limits had been
reported." Artificially inflated ratios, in turn, typically depress credit scores, sometimes by 50 points or
more, according to credit industry expests. The effect can be even more pronounced when the loan
applicant is young or relatively new to credit.

The Fed researchers did not identify the credit card issuers who intentionally withhold customers' limits.
But for 46 percent of the consumers in a random sample of 301,000 credit files to be affected by this
score-depressing policy, the creditors involved must be numerous, big, or both.

Consumer advocates are outraged at the practice. "1 think they are basically intentionally harming their
own customers," said Evan Hendricks, author of "Credit Scores & Credit Reports," and editor of the
newsletter Privacy Times.

Edmund Mierzwinski, consumer program director of the U.S. Public Interest Research Group, said
"credit card companies wouldn't be incompletely reporting [credit limits] if they didn't think it deflated
their customers' scores” -- and rendered cardholders less attractive to competitors.

How much can non-reporting of limits cost you on a mortgage? Potentially, hundreds of dollars a month
and thousands of dollars a year. According to Fair Isaac, a 677 FICO score in today's market would
qualify a borrower for a 6.23 percent 30-year fixed rate on a $150,000 home loan. A 30-point drop in
that score because of non-reporting of credit limits would push the best rate available to 7.38 percent.
Monthly principal and interest to the applicant with the artificially depressed score would be $115a
month higher than it should be. ‘

How to baitle non-reporting in a voluntary credit system? Easy. Ask your credit card issuers whether
they report credit limits. Or get a copy of your credit file online (typical cost is about $9.95), and check
whether your limits are all there.

Then cancel all the cards that intentionally depress your credit scores.

Kenneth R. Harney's e-mail address is KenHarney@earthlink.net.

© 2004 The Washington Post Company
Advertising Links by Google What's this?

Experian Credit Bureau
Get your Free Credit Report direct from Experian. View instantly.
www,FreeCreditReport.com

Free Credit Report
Get a free report and score plus a 30-day trial of Credit Manager
www.CreditExpert.com

Raise Your Cretit Score
How | Raised My Credit Score 40 Points in 24hrs And Saved $7,896.00
CreditScoreBooster.com

bttp -/ /www.washingtonpost.com/ac2/wp-dyn/A54727-20040ct22?language=printer 10/24/2004
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2 Missing Numbers Can Doom a Loan N . “ |

By Kenneth R. Harney

. o FREE SHIPPING
Saturday, January 1, 2005; Page FO1 ) ‘ ) with code WINTERO4

How far can your credit score plummet when your credit card issuer withholds
your credit limit in its reports to the three national bureaus? And how costly
could that be when you apply for a home mortgage?

The answer to both questions: A lot more than you might suspect. Consider
this recent case documented by the software and technology firm CreditXpert
Inc. of Towson. A loan applicant, a woman who lives in a suburb of
Baltimore, had what is known in the mortgage industry as a "thin file" - a
relatively small number of banking accounts on file, including only one credit
card. : :

Her card history extended back 13 years with no late payments. Her account
carried a generous $4,050 limit, according to CreditXpert researchers, but her
card company had never reported either that important piece of information or
her highest balance. At the time her bureau files were examined, she had a
zero balance on the card. That, combined with her history of on-time
payments, should have boosted her credit scores significantly.

But the card company's failure to report the credit limit or highest balance --
both crucial factors in computing the FICO scores that most mortgage lenders
use to evaluate applicants and set interest rates -- knocked a shocking 66
points off the woman's score.

A 66-point loss is huge when it comes to obtaining a home mortgage. In her
case, had she been applying for a fixed-rate, 30-year home loan of $225,000 in
late December from lenders active in her market, it would have cost her nearly
$9,000 in additional monthly payments during the first five years of her
mortgage alone, according to Fair Isaac Corp.'s MyFico.com online rate
calculator. '

That extra expense would not have been caused by anything she did wrong, but rather by what the card
company did without her knowledge: keep her good credit behavior a secret from potential competitors
by withholding her credit limit and highest balance, thereby decreasing her credit score. Credit card
companies sometimes {ry to hide their best customers' identities from other lenders trolling the credit
bureaus' vast databases to prescreen targets for card offers. Typically thie trollers ask the bureaus for lists
of cardholders with higher scores, and avoid those with marginal or lower scores.

Home buyers with thin credit files -- typically younger households or minority group members who
have not made extensive use of the credit system -- are the most vulnerable fo this abuse, according to
CreditXpert Vice President David D. Chung. But they are hardly the only victims.

Researchers at Chung's firm recently examined the credit files of a 40-year resident of Columbus, Ohio.
He had extensive records at the national credit bureaus, with five revolving charge cards and six

http://www.washingtonpost.com/ac2/wp-dyn/A36596-2004Dec30?language=printer 12/31/2004
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installment loans. However, because of missing credit limits on reports by two of his card companies,
according to CreditXpert's analysis, the man lost 43 points from his credit scores -- again with painfully
costly effects as a home buyer. - ' '

Several of the biggest card issuers told me, in interviews or e-mailed statements for this column, that
their corporate policy is to report all customers' account fimits and highest balances to the three national
bureaus -- Equifax, Experian and TransUnion. Only Capital One Financial said it withholds limits as a
matter of policy. However, credit industry researchers, including CreditXpert, say they routinely see
consumer files with account limits missing or withheld, including from card issuers whose publicly
stated policies are to the contrary. :

One of the highest-volume card issuers, American Express, reports limits on some of its cards -- those
with revolving monthly balances such as the Optima and Blue cards -- but does not report limits on its
familiar Green, Gold and Platinum cards, which generally require payment of the full balance each
month. According to Susan Korchak, American Express vice president for corporate affairs, "there is no
preset limit" on these cards. So there is no credit maximum, at least as that concept is used by other card
issuers and FICO scoring, to report to the national bureaus. . :

What can individual consumers do about flagrant nonreporting of limits by card companies that depress
their scores and raise interest charges on home mortgages? Tops on the list: Get copies.of your three
bureau reports and check whether your card issuers are reporting fuily. If you find they are not, '
complain bitterly, especially if you stake a lot of your personal credit history on your good behavior
with their cards.

Then, if a card company refuses to repoﬁ your credit limit, end the relationship. Transfer your balances
to a company that will treat you as you deserve.

Kenneth R. Harney's e-mail addvess is KenHarney@earthlink.net. To read his Dec. 25 article on credit
limit reporting, see www.washingtonpost.com/realestate.
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Credit Card Limits Often Unreported

By Kenneth R. Harney

Saturday, December 25, 2004; Page F01

It is a well-kept little secret of the credit card industry -- and it can be
exceptionally costly to home buyers and mortgage applicants.

The secret is this: Your credit card company may be depressing your credit
scores by not reporting your credit limit to the three national credit burcaus. _
Lower credit scores, in furn, push you into higher interest rates when you Height JIE

apply for a mortgage, and can add thousands of dollars of needless extra costs
for you as a homeowner. Weight

If you carry a Capital One credit card, you can be 100 percent certain that
your credit limit is never reported because Capital One confirmed to me that
its corporate policy is to withhold limits, whether it depresses some customers'
scores or not.

If you have other cards in your wallet, you will need to check your credit files
to determine whether your limits are reported. Though most major bank card
issuers say their policy is to report customers' credit limits monthly,
researchers say that limits frequently are missing in the bureaus' files. A recent
Federal Reserve Board study that analyzed 301,000 consumer credit files
found that 46 percent of all consumers in the sample were missing at least one
credit limit on their national reports.

The problem of nonreported credit limits is most severe, according to credit

industry experts, for younger home buyers, newcomers to the banking and

credit arenas, and others with relatively thin credit histories. -
ONLINE:

"There is no doubt that [nonreporting of limits] has a major negative impact Start Losing Weight Today!
on consumers with thin files," said Terry W. Clemans, executive director of
the National Credit Reporting Association.

‘The reason, Clemans said, is that the most widely used scoring system in the mortgage field - the FICO
score developed by Fair Isaac Corp. - assigns 30 percent of a person's score to what is known as
mutilization” of available credit. Utilization boils down to this: If you have a card with a $1,000 limit and
you are carrying a $950 balance, you have a 95 percent utilization rate. FICO's scoring system subtracts
points for such high ratios.

On the other hand, if you are revolving a $250 balance on the same card, you are rewarded with points
because of your seeming moderate, responsible use of your available credit.

What happens if your credit card company withholds or fails to report your credit limit? The scoring
' system typically substitutes your highest reported balance on the card for your missing limit. That, in
turn, will often depress your score by raising your utilization rate.

http://www.washingtonpost.com/ac2/wp-dyn/A251 09-2004Dec24?language=printer 12/31/2004
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For example: Your card has a $5,000 limit but the highest balance you have ever racked up was $1,000.

That should add points to your score, as befits a modest 20 percent utilization ratio. But if your card

company hasn't reported your limit, the scoring system will treat your high balance of $1,000 as a proxy
-for your actual limit.

But what if you regularly carry an $800 or $900 balance on that card? Suddenly your utilization looks
scarily high, and your score plunges -- especially if that card is one of the few big credit accounts in
your national bureau files. Depending upon your overall credit profile, you could lose 20 to 50 points, or
even more, because of that missing credit limit.

What does a 20-point to 50-point drop in your FICO score do to you when you apply for a home loan?
According to Fair Isaac's Web site, www.MyFico.com, in mid-December an applicant for a $150,000
30-year fixed-rate mortgage with a 700 FICO score would be quoted a 5.79 percent interest rate, costing
$880 a month in principal and interest. An applicant with a FICO score of 660, just 40 points lower,
would be quoted a 7.48 percent rate, with monthly principal and interest payments of $1,047. That $167
extra a month would raise loan costs $2,004 a year, and would be a needless, unfair expense to the home
buyer if it were caused by a card company's failure to report a customer's credit limit.

Why would a card issuer do such a thing? McLean-based Capital One Financial Corp., one of the largest
issuers in the country, heavily markets its cards to young consumers and individuals with imperfect or
thin credit histories. It says it does not report any customers' limits because "we consider [limits]
proprietary” information, and "because we do not think it would be appropriate to impact the individual's
Fair Isaac score -- positively or negatively -- by reporting them."

Fair Isaac itself, by contrast, supports full reporting of account information. Cheri St. John, Fair Isaac's
vice president of scoring and consumer solutions, says "the more data, the better” -- positive or negative
-~ when it comes to fairness in credit scoring.

Kenneth R. Harney's é-mai! address is KenHlarney@earthlink.net.
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SAMPLE REPORT

Personal insurance credit inquiry

for John Doe

Page 1 of 2

With your permission, Progressive reviews selected information from your credit history when you request a
quote for nsurance. Your rate is based on many factors: the car you drive, where you live, the amount and
type of coverage you select, your driving and claims history, and your payment and credit history.

Insurance Credit Score 116

You Average
Experience you have with managing credit
Months you have managed credit 48 Months 96 Months
Age at which you first established credit ' "~ 16 21
Number of times a payment was past due more than 30 days 4 1
Current payment status of installment loans and
revolving accounts
Number of loans and accounts with a satisfactory curent payment racord 2 5
Number of credit card accounts currently past due more than 30 days 0
Use of available credit _
Percent of available credit limit currently being used an revolving accourrts 88% 35%
Percent of avaitable credit imit currently being used on all open accounts 70% 56%
Months since your most recent auto loan was made 12 Months 4 Months
Credit inquiries you initiated in the past 25 months 5 4

100

Your payment and credit history information was obtained from Experian. More detailed information can
only be obtained by you by calling Experian at 1-888-397-3742. You may order a copy of your cradit report

free of charge.

Definitions

Instaflment loans have fixed terms with regular payments, such as a car loan, home loan, student loan, or
personal loan. Revolving accounts have varying payments depending on the balance of the account. This

includes all major credit cards and cards from depariment stores.

PROGRESSIVE®
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SAMPLE REPORT  Parsonal insurance credit inquiry
- for John Doe

How your insurance credit score is determined

A |ower score is better, as it indicates that you have carefully and consistently managed credlt OVver many
years. Consumers who use credit responsibly are statistically less likely to be involved in auto accidents and
may be eligible for lower rates. To determine your insurance credit score, we subtract points for items that
are better than average and add points for items that are worse than average.

Every consumer starts with the same number of points 100

ltems hetter than average:

First established credit at age 16 -10
12 months since last auto loan was made - -
Total of all better than average items -17

Items worse than average:
Managed credit for 48 months 1
2 loans and accounts that are current
88% of available credit in use
5 credit inguiries in the past 25 months
Total of all worse than average items ' 33

o0

|UJJ=-CK)

Your insurance credit score = 116

100%

80%

60%

Average

40%

20%

0% : i
0 25 50 75 100 125 150 175 200

Insurance Credit Scores

Consumers who received a quote from Progressive in the past 6 months had an average insurance credit
score of 100,

Your insurance credit score is 116 and is lower than 44% of consumers who received a quote from
Progressive in the past 6 months, but is higher than the average.
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American Insurance Association

STATEMENT OF THE
AMERICAN INSURANCE ASSOCIATION

On the
Lack of Correlation Between Income and Credit Score
Whether Tested Against the Average or Median Score

March 1999

In December 1998, the Market Conduct and Consumer Affairs Subcommittes of the
National Association of Insurance Commissioners (NAIC) conducted a public hearing on Urban
Insurance Marketplaces. The Siubcommittee focused on credit scoring in the business of
insurence and its impact on insurance availability, affordability, accessibility and other
conditions affecting consumers in urban insurance markets.

Insurers freedom to use credit scoring as a tool to underwrite and price premivm for new
applicants for insurance or to evaluate insurance renewals has been hampered by unfounded

 fears thar credit scoring operates unfairly. For example, it has been, speculated that credit scoring

might discriminatc against populations distinguishable by income. The concem is that Jower
income populations fare poorly when credit scoring is used to evaluate their insurance risk
characteristics.

The American Insurance Association (ATA) testified at the NAIC hearing with the benefit
of member company analysis of this issue, The precise objective of the AIA company analysis
was to determine the extent to which credit score is correlated with income. - ATA presented
important, new evidence that credit scores do not unfairly discriminate against or even negatively
impact lower income groups. Indeed, research revealed that the lowest income groups have the
highest average credit score. ' '

Commissioner Steven Larsen (MD) questioned AIA Assistant General Counsel Michael
Lovendusky whether the presentation of the data by "average score” might be enhanced by a
presentation of the data by "median score by income group". AIA retumed to its member
company investing resources to test the utility of credit scoring for consideration of this inquiry.
AIA is pleased to share with the National Association of Insurance Commissicners additional
information on the data used to test the faimess of using credit scoring on a variety of individuals
from all income levels; the nature of the statistical analysis; and the analytical results. The
analysis concluded that credit score is not significantly correlated with income for the AlA
company's policyholders.

|

Law Department
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American Ihsurance Association ’
On The Lack of Correlation Between Income and Credit Score

The Data Underlying The Study

Since 1995, the AIA company has used a credit scoring model in conjunction with other
underwriting criteria. This credit scoring model was developed by Fair, Isaac and Company. Inc.
Tt uses an individual's detailed credit history to predict his or her relative loss performance.

The credit scoring tmodel uses characteristics from the credit history such as public
notices (e.g. bankruptcies, tax liens), credit account trade line (e.g. date opened, delinquency,
payment due, balance) and additional credit inquiries. It makes no use or reference to personal

. characteristics such as income, net worth, ethnicity and location. The model was developed with
dara from over a dozen insurers using over 1.4 million policies representing over $1.5 billion in
earmed premium and nearly $900 million in incurred losses. Each acceptable characteristic was
evaluated as to its comelation to loss ratio and the most predictive characteristics were weighted
so that the sum of the weighted characteristics is a score predicting expected loss rado
performance. The model calculates a score that ranges from 200 to 997 with 200 representing

risks with the worst expected loss. performance and 997 representing risks with the best expected
loss performance. ' '

The analysis was based on the Bquifax PLS Credit scores for Homeowners and Personal
Auto policyholders in force from 1993 through 1997. Thus it includes a broad spectrum of
policyholders of varying ages, geographical areas, rating classes and incomes. Estimated income
information was obtained from Axciom’s Consumer Infobase™ product in terms of nine ranges:
Under $15,000, $15-19,000, $20-29,000, $30-39,000, $40-49,000, $50-74,000, $75-35,000,
$100-124,000 and $125,000 or more. Both credit scoze and estimated income information was
available for approximately 470,470 policies. '

The Analysis of Income With Credit Score

A linear regression of credit score versus income computed the associated statistical
parameters that measure correlation. The coefficient of correlation (R), which measures the
linkage or connection between credit score and income, was calculated. A coefficient of
correlation of 0% represents no comelation or linkage; a coefficient of 100% represents full

- correlation or linkage. The coefficient of correlation between credit score and income for the
policyholders was only 2.5%, demonstrating the absence of any significant correlation.
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American Insurance Association
On The Lock of Correlation Benween Income and Credit Score

The following table displays the income distribution for the 470,470 policyholders.

" INCOME DISTRIBUTION
INCOME - ' CUMULATIVE
RANGE | FREQUENCY | PERCENT | PERCENT
<$15,000 27.935 5.9% 5.9%
$15,000-
$19,999 23,554 5.0% 10.9%
$20,000- | |
$29,999 50,830 108% | 217%
$30,000-
$39,099 56,688 12.0% 33.8%

" $40,000-
$49,999 55,723 11.8% 45.6%

" $50,000- - BB '
$74999 | 109,201 22% | .689%
$75,000- ‘ R _
$99,999 66,945 14.2% 83.1%
$100,000- o .
124999 41,300 8.3% 91.9%
$125,000 |
or more 38,290 8.1% 100.0%

The Results of the Analysis of Income With Credit Score

The analysis concluded that credit score is not significartly correlated with income for
the AIA company's policyholders. This conclusion is based on the standard statistical tests of
correlation. To the extent that there is a comelation, lower incomes are associated with higher
credit scores. Based on the information availeble for company policyholders, there is no
evidence that credit scores unfairly discriminate against lower income groups. The analytical
results are displayed graphically below.
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American Insurance Association
On The Lack of Correlation Between Income and Credit Score

AVERAGE SCORE BY INCOME GROUP
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The above two charts display the average and median credit scores for each of the nine income
ranges. These charts clearly show that neither the average credit score nor the median
credit score vary significantly across the income groups for the AIA company's
policyholders. In addition, the variation in score is not monotenic. In other words, as
income increases, score does not always increase or always decrease. Income does not have
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On The Lack of Correlation Between Income and Credit Score :

a clear impact on credit score. In fact, the lowest income groups have the highest average
‘and median credit score.

How This Informationr Is Improved Over That Published in 1958

The information used for the current analysis was improved in several significant ways
from that used for the 1998 AIA testimony. The updated information reflects the following:

« The score information was refreshed to obtain a better percentage of matching records. This
had a minor impact on the average score versus the income chart. The chart shows the same
pattern as the 1998 chart. _ _ ' '

« The median score versus income chart is entirely new. It addresses concemns that use of
average score may be misleading. Average score is not misleading; the median score chart
displays the exact same patiern as the average score chart.

o The income distribution table was modified to include only those policyholders for whom the
company had both credit score and income information. The 1998 information included ail
policyholders for which the company had income information even if it did not have credit
scare, The change has virtually ne impact on the distribution but makes the data underlying
the table completely consistent with the data underlying the charts. The-company changed the
number of policies cited to 470,470, which represents the policies for which it had both score
and income. The 1998 information referenced 700.000 policyholders for which the company
had income data. : _

e The coefficient cited in the statistical test section for the updated scores was updated. It
changed from 4.2% to 2.5%. Both numbers indicate no significant correlation. This paper is
thetorically improved to clarify that it cites the coefficient of correlation; the 1998 testimony
mistakenly referred to "the coefficient of determination.” .

o The AlA company policyholder information is not derived from all of its policyholders but
from those undefwritten from its independent agency distribution system.

Emplications for Pu‘bii'c Policy

Credit history is a source of affordable, objective information that is useful to insurers,
readily available in the market, and beneficial to consumers. Insurers are expressly authorized to
use credit history pursuant to the federal Fair Credit Reporting Act. This federal law also
expressly bars inconsistent state regulation, The use of credit scoring for underwriting and
pricing of personal lings insurance is relatively new. There is no evidence of market misconduct
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On The Lack of Correlation Between Income and Credit Score

on the part of insurers using credit scoring. Such misconduct would be discoverable and
punishable under existing state unfair trade practices laws. For these reasons, insiurance use of
credit history should not be hampered with new or special state regulation, since the mere
proliferation of inconsistent state regulatory treatments will add costs and uncertainties to the use .
of credit history that undermine its cost-effectiveness for insurers and consumers glike.

AIA represents 387 property and casualty insurers doing business throughout the United
States. ATA members wrote $66.8 billion in direct premium - more than 24% of the markét -~ in
the United States in 1997, the most recent year for which data is available. In particular, ATA
members wrote $18.4 billion (30%) in homeowners' and $11.3 billion (10%) in private passenger
sutomobile premiums. The AIA participates extensively in NAIC discussions on the use of credit
history for insurance, and cooperated with regulators notably in the formulation of the NAIC
white paper on Credit Reports and Insurance Underwriting {1997). For more information about
insurance industry interest in use of credit history, please contact '

Michael Lovendusky
Assistant General Counsel
The American Insurance Association
1130 Connecticut Avenue NW
Washington DC 20036
202-828-7100
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American Insurance Association Law Department

STATEMENT OF THE
AMERYCAN ]NSURANCE ASSOCIATION

On the
Lack of Correlation Between Income and Credit Score
Whether Tested Against the Average or Median Score

March 1999

Tn December 1998, the Market Conduct and Consumer Affairs Subcommittee of the
National Association of Insurance Commissioners (NAIC) conducted a public hearing on Urban
Insurance Marketplaces. The Stbcommittee. focused on credit scoring in the business of
insurance and its impact on insurance _availability, affordability, accessibility amd other
conditions affecting consumers in urban insurance markets.

Insurers' freedom to use credit scoring as a tool to underwrite and price premivm for new

applicants for insurance or to evaluate insurance renewals has been hampered by unfounded

. fears that credit scoring operates unfairly, For example, it has been speculated that credit scoring

might discriminate against populations distinguishable by income. The concem is that lower

income populations fare poorly when credit scoring is used to evaluate their insurance risk
characteristics. '

The American Insurance Association (AIA) testified at the NAIC hearing with the benefit -
of member company analysis of this issue. The precise objective of the AIA company analysis
was to determine the extent to which credit score is comelated with income. ATA presented
important, new evidence that credit scores do not unfairly discriminate against or even negatively
impact lower income groups. Indeed, research revealed that the lowest income groups have the
highest average credit score. o

Commissioner Steven Larsen (MD) questioned ATA Assistant General Counsel Michael
Lovendusky whether the presentation of the data by "average score" might be enhanced by 2
presentation of the data by "median score by income group”. AIA returned 1o its member
company investing resources to test the utility of credit scoring for consideration of this inquiry.
AIA is pleased to share with the National Association of Insurance Commissioners additional
information on the data used to test the faimess of using credit scoring on a variety of individuals
from all income levels; the nature of the statistical analysis; and the analytical resuits. The
analysis concluded that credit score is not significantly correlated with income for the AlA
company's policyholders. ' '
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The Data Underlying The Study

Since 1995, the AIA company has used a credit scoring mode] in conjunction with other
underwriting criteria. This credit scoring model was developed by Fair, Isaac and Company. Inc.
It uses an individual's detailed credit bistory 1o predict his or her relative loss performance.

The credit scoring model uses characteristics. from the credit history such as public
notices (e.g. bankruptcies, tax liens), credit account trade line (e.g. date dpened, delinquency,
payment due, balance} and additional credit inquiries. It makes no use or reference to personal
characteristics such as income, net worth, ethnicity and location. The model was developed with
dara from over a dozen insurers using over 1.4 million policies representing over $1.3 billion in
earned premium and nearly $900 million in incurred losses. Each acceptable characteristic was

evaluated as to its correlation to loss ratio and the most predictive characteristics were weighted
so that the sum of the weighted characteristics is a score predicting expected loss ratio
performance. The model calculates a score that ranges from 200 to 997 with 200 representing
risks with the worst expected loss, performance and 997 representing risks with the best expected

loss performance.

The analysis was based on the Bquifax PLS Credit scores for Homeowners znd Personal
Auto policyholders in force from 1993 through 1997. Thus it includes a broad spectrum of
policyholders of varying ages, geographical areas, rating classes and incomes. Estimated income
information was obtained from Axciom's Consumer Infobase™ product in terms of nine ranges:
Under $15,000, $15-19,000, $20-29,000, $30-39,000, $40-49,000, $50-74,000, $75-99.000,
$100-124,000 and $125,000 or more. Both credit score and estimated income information was
available for approximately 470,470 policies. ' '

The Analysis of Income With Credit Score

A linear regression of credit score versus income computed the associated statistical
parameters that measurc correlation. The coefficient of correlation (R}, which measures the
linkage or connection between credit score and income, was caleulated. A coefficient of
correlation of 0% represents no correlation or linkage: a coefficient .of 100% represents full
comelation or linkage. The coefficient of correlation between credit score and income for the
policyholders was only 2.5%. demonstrating the absence of any significant correlation.
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The following table diéplays the income distribution for the 470,470 policyholders..

" INCOME DISTRIBUTION
"INCOME CUMULATIVE
RANGE FREQUENCY | PERCENT PERCENT
< $15,000 27.939 5.9% 5.9%
$15,000-
319,999 23,554 - 5.0% 10.9%
$20,000-
$29,999 50,830 10.8% o 21.0%
$30,000- _
339,099 56,688 12.0% 33.8%
$40,000- - ,
$45,999 55,723 11.8% 45.6%
"~ $50,000- ' ' :
$74999 - 109,201 23.2% . .68.9%
$75,000- ) : C ‘
$99,9%39 ' 66,945 14.2% 83.1%
$100,000- . .
124,999 41,300 8.8% 91.9%
$125.000 :
OT FNore - 38,290 8.1% 100.0%

The Resuits of the Analysis of Income With Credit Score

The analysis concluded that credit score is not significantly correlated with income for
the AIA company's policyholders. This conclusion is based on the standard statistical tests of
corelation. To the extent that there is a correlation, lower incomes are associated with higher
credit scores. Based on the information available for company policyholders, there is no
evidence that credit scores unfairly discriminate against lower income groups. The analytical
results are displayed graphically below.
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AVERAGE SCORE BY INCOME GROUP
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The above two charts display the average and median credit scores for each of the nine income
ranges. These charts clearly show that neither the average credit score nor the median
credit score vary significantly across the income groups for the AIA company’s
policyholders. In addition, the variation in score is not monotenic. In other words, as
income increases, score does not always increase or always decrease. Income does not have
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a clear impact on credit score. In fact, the lJowest income groups have the highest average
and median credit score. - '

- How This Information Is Improved Over That Published {n 1998

The information used for the current analysis was improved in sevesal signiﬁcanf ways
from that used for the 1998 AIA testimony. The updated information reflects the following:

¢ The score information was refreshed to obtain a better percentage of matching records. This
had a minor impact on the average score versus the income chart. The chart shows the same
pattern as the 1998 chart. ' . : .' ' -

« The median score versus income chart is entirely mew. It addresses concems that use of
average score may be misleading. Average score is not misleading; the median score chart
displays the exact same paticrn as the average score chart. ~

« The income distribution table was modified to include only those policyholders for whom the
company had both credit score and income information. The 1998 information included all
policyholders for which the company had income information even if it did not have credit
score. The change has virtually no impact on the distribution but makes the data underlying
the table completely consistent with the data underlying the charts. The company changed the
number of policies cited to 470,470, which represents the policies for which it had both score
and income, The 1998 information referenced 700,000 policyholders for which the company
had income data. _ '

e The coefficient cited in the statistical test section for the updated scores was updated. It
changed from 4.2% to 2.5%. Both numbers indicate no significant correlation. This paper is
thetorically improved to clarify that it cites the coefficient of correlation; the 1998 testimony
mistakenly referred to “the coefficient of determination.” )

« The AIA company policyholder information is not derived from all of its policyholders but
from those underwritten from its independent agency distribution syster.

Implications for Pu-blfc Policy

Credit history is a source of affordable, objective information that is useful to insurers,
readily available in the market, and beneficial to consumers. Insurers are expressly authorized to
use credit history pursnant to the federal Fair Credit Reporting Act, This federal law also
expressly bars inconsistent state regulation. The use of credit scoring for underwriting and
pricing of personal lines insurance is relatively new. There is no evidence of market misconduct
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on the part of insurers using credit scoring. Such misconduct would be discoverable and
punishable under existing state unfair trade practices laws. For these reasons, ingurance use of
credit history should not be hampered with new or special state regulation, since the mere
proliferation of inconsistent state regulatory treatments will add costs and uncertainties to the use .
of credit history that undermine its cost-effectiveness for insurers and consumers glike.

AlA represents 387 property and casualty insurers doing business throughout the United
States. ATA members wrote $66.8 billion in direct premium -- more than 24% of the markét - in
the United States in 1997, the most recent year for which data is available, In particular, AIA
mermbers wrote $18.4 billion (30%) in homeowners' and $11.3 billion (10%) in private passenger
sutomobile premiums. The ATA participates extensively in NAIC discussions on the use of credit
history for insurance, and cooperated with regulators notably in the formulation of the NAIC
white paper on Credit Reports and Insurance Underwriting (1997). For more information about
insurance industry interest in use of credit history, please contact

Michael Lovendusky
Assistant General Counsel
The American Insurance Association
1130 Connecticut Avenue NW
‘Washington DC 20036
202-828-7100
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Private Passenger Auto Insurance Loss Ratios and Personal Bankruptcies
Wisconsin and Countrywide, 1990-2006

Wisconsin Countrywide

Loss Ratio Bankruptcies Loss Ratio Bankruptcies

11990 77.5% 10,766 74.2% 718,107
1991 70.1% 12,604 68.8% 872,438
1992 63.1% 12,041 66.6% 900,874
1993 63.6% 10,696 66.4% 812,898
1994 67.7% 10,735 67.7% 780,455
1995 67.8% 11,628 67.2% 874,642
1996 68.1% 14,987 66.6% 1,125,006
1997 62.6% 17,984 62.9% 1,350,118
1998 62.2% 18,277 63.1% 1,398,182
1999 62.4% 17,670 65.9% 1,281,581
2000 76.0% 17,164 71.3% 1,217,972
2001 68.3% 21,347 72.7% 1,452,030
2002 64.5% 24,439 67.5% 1,539,111
- 2003 61.3% 27,524 62.8% 1,625,208
2004 58.2% 24,439 58.6% 1,563,145
2005 56.4% 37,420 60.1% 2,039,214
2006 - 60.3% 11,010 57.9% 597,965

Data Source: Loss Ratios from National Association of Insurance Commissioners,
Report on Profitability By Line By State , various editions
Bankruptcies from American Bankruptcy Institute web site




Percentage of Uninsured Wisconsin Drivers
Estimated by the Insurance Research Council

1999 12.1%
2000 12.6%

2001 13.4%
2002 14.4%
2003 14.2%

2004 14.2%
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Contacts:

Birny Birnbaum, Center for Economic Justice: 512-784-7663

Allen Fishbein or Travis Plunkett, Consumer Federation of America: 202-387-6121
Chi Chi Wu, National Consumer Law Center: 617-542-8010

Deidre Swesnik, National Fair Housing Alliance: 202-277-4437

Consumer and Civil Rights Groups Reject Federal Report on
Insurance Credit Scoring

Fatally-Flawed Report Relies on Handpicked Data by Insurance Industry, Fails to Respond to
Congressional Mandate

WASHINGTON, DC — July 24, 2007 — Representatives of consumer and civil rights
organizations today condemned a congressionally-mandated report on insurance credit scoring
by the Federal Trade Commission (FTC) as biased insurance industry propaganda. The groups
called for Congress to reject the defective study and ban the use of credit scoring in insurance.

Insurance credit scoring is the use by insurers of consumers’ credit reports for determining
insurance eligibility and premiums. Unknown to most consumers, insurers’ use of consumer
credit information has spread to almost all insurers and is one of the most important factors in
determining how much a consumer pays for auto or homeowners insurance.

Previous studies by the Missouri and Texas Departments of Insurance have found that insurance
scoring discriminates against low income and minority consumers because of the racial and
economic disparities inherent in scoring. The Missouri study concluded that a consumer’s race
was the single most predictive factor determining a consumer’s insurance score and,
‘consequently, the consumer’s insurance premiunt.




Before the introduction of the credit scoring systems the insurance industry had used other
unsupported standards and stereotypes with a racial proxy effect. After the major companies
were sued for fair housing violations and were forced to eliminate these practices, the industry
introduced a new practice - credit-based insurance scoring — that consumer and civil rights
groups see as re-infroducing racial and ethnic effects into the pricing of insurance.

The relationship between insurance credit scores and race is so strong that even though the FTC
- used data handpicked by the industry, it found that credit scoring discriminates against low
income and minority consumers, and that insurance scoring was a proxy for race.

Representatives of the Consumer Federation of America, the National Fair Housing Alliance, the
National Consumer Law Center, and the Center for Economic Justice said the FTC study is
fatally flawed because the insurance industry controlled the data used in the analysis. Instead of
requiring the submission of comprehensive policy data by a large number of insurers, the FTC
used data handpicked by the insurance industry.

“The FTC’s approach to collecting data for the analysis is like the federal government trying to
do a study on the health impacts of tobacco use with data selected by tobacco companies for the
study,” said Allen Fishbein of the Consumer Federation of America. “By relying on handpicked
data, the insurance industry was unnecessarily given opportunity to control the outcome of the
study.” :

The FTC study also confirms that, despite growing reliance on credit-based insurance scores,

scant evidence exists to prove there is a meaningful connection between a consumer’s score and

auto insurance losses. Without the need to demonstrate such a connection, insurers could use
-any consumer characteristic, such as hair color, to price insurance products.

“Despite finding no explanation for the alleged connection between insurance scores and losses,
the FTC report somehow concludes credit scoring is valid and good for consumers, This is not
an impartial analysis, but simply advocacy for insurers," said Bimy Birnbaum of the Center for
Economic Justice. Birnbaum, a former insurance regulator, has studied insurance scoring for
over 15 years.

The groups also dismissed the report for failing to respond to the Congressional mandate to
examine the impacts of insurance credit scoring on the availability and affordability of auto and
homeowners insurance, and for parroting insurance industry propaganda about insurance credit
scoring. Section 215 of the Fair and Accurate Credit Transactions Act of 2003 required the
Federal Reserve Board and the FTC to study the impact of credit scoring on the availability and
affordability of credit and insurance and to determine whether credit scoring was truly related to
insurance losses or simply a proxy for race, income or other factors.

“Incredibly, the FTC report downplays its own findings about the racial impact of insurance
scoring — the primary question asked by Congress — and emphasizes the allegedly ‘predictive’
nature of credit scoring,” said Chi Chi W, staff attorney at the National Consumer Law Center.
“It’s outrageous that the FTC says that ‘credit scoring is good for consumers’ when it has a




disparate impact on minorities. The FTC appears to believe minorities aren’t ‘consumers’ worth
protecting.”

Buried in the report is the fact that the alleged correlation between risk and credit-based
insurance scores might be explained by other factors. Instead of pursuing these other factors, the
FTC employed subjective and pejorative racial stereotypes to try to support the alleged link
between credit-based insurance scores and legitimate risk.

“To add insult to injury, the FTC report mimics the insurance industry blaming-the-victim
psychobabble of claiming credit history is related to responsibility and risk management. A look
 at the actual scoring models shows that socio-economic factors have more impact on the score
than loan payment history and that an insurance credit score has little to do with personal
responsibility and everything to do with economic and racial status,” said Shanna L. Smith,
president and CEO of the National Fair Housing Alliance.

The group calls on Congress to reject this flawed and biased study and to tell the FTC to conduct
an objective, independent study. In addition, based on the available evidence of racial
discrimination, Congress should ban the use of insurance credit scoring.

HH#

Center for Economic Justice is a Texas-based non-profit organization that advocates on behalf
of low income and minority consumers on insurance, credit and utility issues

Consumer Federation of America is a nonprofit association of some 300 pro-consumer groups,
with a combined membership of 50 million people. CFA was founded in 1968 to advance
consumers' interests through advocacy and education.

National Consumer Law Center is a non-profit organization specializing in consumer issues on
behalf of low-income people. NCLC recently released Credit Scoring and Insurance: Costing
Consumers Billions and Perpetuating the Economic Racial Divide, available at
www.consumerlaw.org.

National Fair Housing Alliance is a consortium of more than 220 private, non-profit fair
housing organizations, state and local civil rights groups, and individuals from 37 states and the
District of Columbia. Headquartered in Washington, DC and founded in 1988, NFHA, through
comprehensive education, advocacy and enforcement programs, provides equal access to
housing for millions of people.




